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01 Overview

“Right Place, Right Amounts”
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02 Process_02Tools

Python(s: windows10, Jupyter Notebook) / R / SQL
Language 9 Library : NumPy, Pandas, Matplotlib, Scikit-Learn, Keras
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03 Analysis
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A Study on the Characteristics of Physical Environments
Affecting the Usage of Public Bike in Seoul, Korea

-Focusing on the Different Influences of Factors
by Distance to Bike Station
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03 Analysis
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CHOJAID, CHOIA D, HXICH 4, Y| HE (SIS, ZE)

oA AE
CHofat, e

tho{ 1D T PP o AE rent_cnt  return_cnt
101 101. E-T'J“‘ﬁ MEEEA OIZT BL=8E 358 37.549561 126.905754 114 123
102 102. Y34 MEEEMN D=+ 2ELH=E 72 37.555649 126.910629 94 111
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HHUEM HHA (Y+AH 25/50/75/100m O|Lf 35, ChEld 22l A, HZA|A)

racklD  rackName rackCountp25m s25m p50m s50m p75m s75m p100m  s100m  g25m
101 101, (9 5 137162 124551 715667 1829.57 1666671 3343.56 2251239 711425 2296.89
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LPpopulat LFpopulatimeanOn  meanOff
2507343 1073872 16163.5 17644.25
24026.86 1032.047 148335 15978.25
2439518 1101772 1333625 14704
2321219 1081.223 97045 103175
24450.74 1048.857 156056 16836.8
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03 Analysis

o HJ-’,‘- 5"""_0ne-hot Encoding & Normalization
X3 X2 AL K=
- 2%‘. FAtE AMH, Ha|, Y&, X|stE 0|8 S
one-hot encoding Normalization

count mean std min 25% 50% 75% max
p25m 1171940 2430282956 11095588000  0.000000 0.000000 0.000000 0.000000 243460.860000
e S Pt o o “ioow gas GavMonday day Tuesday s25m 1171940 84097510  266.851180  0.000000 0.000000 0.000000 0.000000  4159.160000
rockD p50m 1171940 7365.194095 20088.864110  0.000000 0.000000  64.010000 7970.400000 385944.250000
:E: E E E E E E ] ? E s50m 1171940 514930785  984.874653  0.000000 0.000000 0.000000 615920000  6396.680000
:: E E E E E E 1 E E p75m 1171940 14819.848372 28595705104  0.000000 0.000000 4155.935000 19994.200000 559498.380000
w0 0 o o o 0 0 0 s75m 1171940 1557417668 2420535435  0.000000 0.000000  315.605000 2278360000  14910.050000
e . : 1171940 25418.836528 39443.404693  0.000000  779.950000 12463.831750 36151.020000 699974.860000

w2 0 o 1 0 o 0 o 0 0
z::z E E 1 E E E E E '1] p2dm_normed s25m_normed p30m_normed s30m normed p7dm_normed s75m _normed p100m_normed
—e . 0 -0.095413 4.352285 0.01038 1334829 0.064585 0.737912 -0.073687

1

-0.095413

4.352285

-0.01038

1334829

0.064585

0.737912

-0.073687



® 04 Modeling

R

M

s
st

o>

/3

Step1. Scikit Learn &M
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LinearRegression
Ridge

Lasso

Elastic

LassoLars
SGDRegressor
XGBRegressor

Step2. Least Error

v MAE(Mean Absolute Error) Bestg} 37|

Ir 0.53

ridge 0.53

lasso 0.64

elastic 0.62

LassolLars 0.64
SGDRegressor 0.53
XGBRegressor 0.28

2%A+= R? = 0.79

Step3. Keras B
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Activation Func. Relu
In/Out : ZH 1
7|-|A =
Layer 20+ Hidden : 3
Loss mse

compiler | Optimizer adam

Metrics mae

Batch_size 100
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® A2tz
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Relationship between Predicted and Real values (R? = 0.9495345858343027)
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2E
xlot
Parameter A4
Activation Func. Relu
In/Out : 2+ 1
FHA =
Layer 22 Hidden : 1
Node ZH= 128
Optimizer adam
Loss mse
compiler . mae
Metrics P
(custom)
epoch 300
Validation_split 0.2




05 Insights
xlo1_"thE0| of "
Cjoj4 ZEX|de| SYHAE 57 U ClojE X £ AL A2
Oj2}ie] AF8Eo] of 5k|of mSo] ¥Y 2!

mp=E0| cHH=E F=20=

CH O -2 A48 1702 . =STE3E 1S % -
CHO] - & == 2El Hoj&F 2E] UHEr ol = tHHZF o] = YHgEr HH ==&}
1= 123 167 288 182 -13
2= 189 195 27 21
2= 364 41 445 428
4= S0 a0 620 682 -131
s= 719 1012 EXS =g -1
&= TET 1024 857 26D
TE 528 1028 TT4 855
s= 744 o1& 219 215
o= Ti17 823 7oz 547
1702
102 as2 1064 Too 1032 1
11= TO2 814 628 652
=ooo 041 1121 1081 1091 -140
== 1266 1128 1054
=1 11932 215 1071
=oo 1182 054 10732
S 921 1194 1040 1102 -17
=R =R=") 1031 1132 1012 1088
=i=1=1} Taa Q70 200 1007 112

%] n
w (%]

w

-
I

(1]}
i8]


http://ec2-13-125-78-45.ap-northeast-2.compute.amazonaws.com:8080/jinglebike/index.jsp
http://ec2-13-125-78-45.ap-northeast-2.compute.amazonaws.com:8080/jinglebike/index.jsp

=M H

Issue 1 :

(A M L2t

&8 CHoigt 3ot2 HG 0IS

o
—

Issue 2




QR CODE




)\
|

THANK YOU



