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1.1 Introduction
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0.2 Index
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2.1

STNADARD presentation

Netflix
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2.2 NETFLIX Competition
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2.3 Why Recommendation Algorithm?

Why Recommendation
Algorithm?
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2.4 Melon Playlist

Melon Playlist
Recommendation
Algorithm?
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3.1 Conceptual Data Modeling
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3.2 Final Data
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4.1 Data Analysis
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